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Abstract

In this paper, we present conditions under which the traffic processes in a
generalized semi-Markov process with reallocation (RGSMP) are Poison pro-
cesses, and give an easy-to-use criterion for the quasi-reversibility of queues
which can be described by RGSMP’s. By applying these results to a mul-
tiple class generalized network with general service time distributions, we
prove that its stationary state distribution is of a product-form and the traf-
fic processes which represent the customers exiting the network are Poisson
processes.
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1. Introduction

Traffic processes in queueing networks are an important operating facet of such
models, as well as valuable in the study of valid decompositions of networks. If we find
some traffic processes in a network Poisson, then it often renders the mathematical anal-
ysis tractable. Generalized semi-Markov processes (GSMP’s) have been introduced to
study insensitivity of queueing models in a unified way, see Schassberger (1977a,b, 1978,
1986), Burman (1981), Franken et al (1982), Baccelli and Brémaud (1987), Henderson
(1989), Henderson and Taylor (1991). A generalized semi-Markov process with reallo-
cation (RGSMP), which was first introduced by Miyazawa (1993), is a generalization of
GSMP and is useful for studying a wide range of stochastic models which can not be
described by ordinary GSMP’s, see Miyazawa (1991, 1993, 1994), Miyazawa et al. (1995)
and Miyazawa and Wolff (1996). Poisson traffic processes in GSMP’s have been discussed
in the literature by using the embedded Markov chain method, see Franken et al (1982)
and Baccelli and Brémaud (1987). We will now discuss traffic processes in RGSMP’s and
their networks with different method.

In this paper, we first recall the notion of an RGSMP in Section 2. Then we present
conditions under which the traffic processes in an RGSMP are Poisson processes by using
the dual predictable projections of traffic processes and their time-reversal processes, and
give an easy-to-use criterion for the quasi-reversibility of queues which can be described
by RGSMP’s, that are the subject of Section 3. In Section 4, we consider a symmetric
queue with general service time distributions and negative arrivals, and show that the
queue is quasi-reversible. Here the concept of negative arrival, sometimes called signal,
was first introduced by Gelenbe (1991). Recently many authors considered queueing
networks with negative arrivals, see Gelenbe (1991, 1992, 1993a,b), Chao and Pinedo
(1993), Chao (1995), and Miyazawa and Wolff (1996). Gelenbe (1993b) called them
Generalized networks, or G-networks for short. In Section 5, we consider a multiple
class generalized network with general service time distributions and negative arrivals,
and show that the network has a product-form stationary distribution and the traffic
processes which represent the customers exiting the network are Poisson processes.

2. Generalized semi-Markov processes with reallocation

In this section, we recall the notion and results of a generalized semi-Markov process
with reallocation (RGSMP) which are cited from Miyazawa et al. (1995). Let G, S and
D be countable sets. An element g ∈ G is called a macrostate. With each macrostate
g ∈ G is associated a finite subset of S, A(g), called the set of active sites for g. Each
site s ∈ A(g) has a clock which counts the attained lifetime of the site at a given epoch.
The type of the clock at each site s ∈ A(g) is given by a mapping γg: A(g) → D, where
D is called the set of clock types. Denote s(g)=̂γg(s), for simplicity. Let Hd be the
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lifetime distribution for each d ∈ D. Assume that Hd is differentiable with bounded
and continuous density hd and µ−1

d =̂
∫∞
0 (1−Hd(u))du < ∞, for each d ∈ D. We define

d(g)=̂ | A(g) |, i.e., the number of elements in A(g). Under the macrostate g ∈ G, a clock
at site s ∈ A(g) is increasing with speed rsg. These speeds rsg verify the conditions





rsg ≥ 0, if s ∈ A(g);
∑

s∈A(g)
rsg > 0.

(2.1)

It means that, for each g ∈ G, all clocks have non-negative speeds and at least one clock
is increased with positive speed. When the clock at a site s ∈ A(g) completes its lifetime,
which is called expiry of the site, a transition of the macrostate g to a macrostate g′

occurs and new sites may be activated, while other clocks at sites in A(g)−{s} keep their
attained lifetimes but may be reallocated to sites in A(g′)−U ′, where U ′ ⊂ A(g′) denotes
the set of the new active sites activated at such a transition epoch. This reallocation is
described by a one-to-one mapping

Γsgg′ : A(g)− {s} → A(g′)− U ′,

such that
γg′(s′) = γg(Γ−1

sgg′(s
′)), for all s′ ∈ A(g′)− U ′.

Let {X(t)} be a process taking values in the macrostate space G. Given that
X(t) = g and a site s ∈ A(g) expires, the process goes to state g′ ∈ G and activates the set
of new active sites U ′ ⊂ A(g′) with probability p(g, s, g′, U ′). Assume that the transition
probability p(g, s, g′, U ′) does not depend on the earlier history before the considered
jump epoch. For each time t, let Rs(t) ≥ 0 be the attained lifetime of the clock at time
t on site s ∈ A(g). Define a vector-valued variable Y (t) by (X(t), Rs(t); s ∈ A(g)) for
each time t. It is easy to know that the joint process {Y (t)} is a Markov process. We
call {Y (t)} a generalized semi-Markov process with reallocation, or an RGSMP for short.
Let E be the state space of {Y (t)}, and we assume that the sample paths of {Y (t)} are
right-continuous with left-limits. Given that the site s ∈ A(g) expires, let Qs be the
transition measure of the RGSMP {Y (t)}. Then it is given by

Qs(y, dy′) =
∑

U ′⊂A(g′)

p(g, s, g′, U ′)
∏

s′∈A(g)−{s}
1y′

Γsgg′ (s′)
=ys′ ×

∏

s′′∈U ′
1y′

s′′=0dy′1 · · · dy′d(g′),

for y = (g, ys; s ∈ A(g)) ∈ E, y′ = (g′, y′s; s ∈ A(g′)) ∈ E and s ∈ A(g). If Hd is
exponential for all d ∈ D, then {X(t)} is a Markov process, which is often referred to
the pure Markov case.

In the pure Markov case, if {X(t)} is irreducible positive recurrent, then a set
{η(g); g ∈ G} of positive numbers η(g) with

∑

g∈G

η(g) = 1 (2.2)
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gives a stationary distribution for the Markov process {X(t)} if and only if {η(g); g ∈ G}
is a solution of the following system of global balance equations:

η(g)
∑

s∈A(g)

rsgµs(g) =
∑

g′∈G

η(g′)
∑

s′∈A(g′)

∑

U⊂A(g)

rs′g′µs′(g′)p(g′, s′, g, U), (2.3)

for every g ∈ G. Moreover, the embedded Markov chain of {X(t)}, considered at jump
epochs, is positive recurrent if and only if

∑

g∈G

∑

s∈A(g)

rsgµs(g)η(g) < ∞. (2.4)

Throughout this paper we assume that (2.3) has a unique solution {η(g); g ∈ G} with
η(g) > 0 for every g ∈ G and

∑
g∈G

η(g) = 1.

We now consider the general case of the RGSMP. Let D′ be the subset of D such
that Hd is not exponential for all d ∈ D′. Let A′(g) = {s : s ∈ A(g), s(g) ∈ D′}. Consider
the following system of so-called local balance equations:

η(g)rsgµs(g) =
∑

g′∈G

∑

s′∈A(g′)

∑

{U :s∈U}
rs′g′µs′(g′)η(g′)p(g′, s′, g, U), (2.5)

for every g ∈ G and every s ∈ A′(g).

If {η(g)} satisfies the conditions (2.3), (2.4) and (2.5), then the stationary distribu-
tion of the RGSMP {Y (t)}, π, is given by

P (X(t) = g,Rs(t) ≤ ys; s ∈ A(g)) = η(g)
∏

s∈A(g)

µs(g)

∫ ys

0
Hs(g)(u)du, (2.6)

for all g ∈ G and ys ≥ 0, where Hd = 1−Hd, d ∈ D

3. Poisson traffic processes in RGSMP

Given a complete probability space (Ω,F ,P), a family {Ft}t≥0 of sub-σ-fields of F
such that Fu ⊂ Ft whenever u < t is called a filtration. If a stochastic process {Y (t)}
is such that for all t, Y (t) is Ft-measurable, then {Ft} is called a filtration of {Y (t)}
and {Y (t)} is said to be Ft-adapted. Let Ft

Y = σ{Y (u), u ≤ t} ( we denote by σ{. . . }
the complete σ-field generated by {. . . } ). Then {Ft

Y } is a filtration of the stochastic
process {Y (t)} and {Ft

Y } is said to be the natural filtration of {Y (t)}.

Let {Tn}n≥1 be a sequence of jump epochs of an RGSMP {Y (t)}. Then Tn are
clearly stopping times of {FY

t }. Define an integer-valued random measure on R+×E by

µ(dt, dy) =
∞∑

n=1

δ(Tn,Y (Tn))(dt, dy), (3.1)
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where δx is the Dirac measure at x ∈ R+ × E. Note that the integer-valued random
measure µ has the dual Ft-predictable projection υ given by

υ(dt, dy) =
∑

s∈A(X(t−))

rsX(t−)Qs(Y (t−), dy)λs(X(t−))(Rs(t−))dt, (3.2)

where
λd(x) =

hd(x)
Hd(x)

, for all x ∈ R+ and d ∈ D

(see Davis (1984) and Chapter 3 of Last and Brandt (1995) for the details). Let N(t)=̂∑∞
n=1 1Tn≤t be the number of jumps in (0, t] and assume that EN(t) < ∞, for all t.

Let H be a subset of E × E − diag(E × E) and NH be the point process counting the
H-transitions of {Y (t)}, i.e.,

NH(t) =
∫ t

0
1H(Y (u−), Y (u))N(du)

=
∫ t

0

∫

E
1H(Y (u−), y)µ(du, dy).

(3.3)

NH represents the number of jumps of Y in the time period (0, t] from some x to some
y such that (x, y) ∈ H. Let Np

H be the dual Ft
Y -predictable projection of NH(t). Then

from (3.2) and (3.3), we have

Np
H(t) =

∫ t

0

∫

E
1H(Y (u−), y)υ(du, dy)

=
∫ t

0

∫

E
1H(Y (u−), y)

∑

s∈A(X(u−))

rsX(u−)Qs(Y (u−), dy)λs(X(u−))(Rs(u−))du.

Let

ΛH(t) =
∫

E
1H(Y (t−), y)

∑

s∈A(X(t−))

rsX(t−)λs(X(t−))(Rs(t−))Qs(Y (t−), dy).

Then
Np

H(t) =
∫ t

0
ΛH(u)du. (3.4)

When Y is stationary with the stationary distribution π, we define

ζ(x) =
1

π(dx)

∫

E
1H(y, x)

∑

s∈A(g)

rsgQs(y, dx)λs(g)(ys)π(dy),

for all x ∈ E, and ΛH(t)=̂ζ(Y (t−)), for all t. Then, we have the following theorem.

Theorem 3.1. i) Under the initial probability measure π, the present state Y (t)
and the future of NH : {NH(t + u)−NH(t), u ≥ 0} are independent for all t if and only
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if ΛH(t) is a fixed positive constant λ for all t. In that case, NH is a Poisson process with
rate λ.

ii) Under the initial probability measure π, the present state Y (t) and the past of
NH : {NH(u), u ≤ t} are independent for all t if and only if ΛH(t) is a fixed positive
constant λ for all t. In that case, NH is a Poisson process with rate λ.

Proof. i) If ΛH is a fixed positive constant λ, then by (3.4) and T4 theorem (see
Brémaud (1981), p. 25), NH is a Poisson process with intensity λ. By Markov property
of Y , we have

E[NH(t + u)−NH(t) | σ(Y (t))] = E[NH(t + u)−NH(t) | FY
t ]

= E[
∫ t+u

t
ΛH(s)ds | FY

t ] = uλ.

Thus, the present state Y (t) and the future of NH : {NH(t + u) − NH(t), u ≥ 0} are
independent for all t.

On the other hand, from the definition of NH , we know that NH is a simple point
process. By (3.4) and the definition of Np

H , we obtain that NH is continuous in probability,
i.e., limt→u NH(t) = NH(u), where the limit is taken in probability. By Markov property
of Y , NH(t+u)−NH(t) is independent of FY

t for all t and u ≥ 0. Since Ft
NH ⊂ Ft

Y for
all t, we have NH(t + u)−NH(t) is independent of Ft

NH for all t and u ≥ 0. Thus NH

is a Poisson process with nonnegative deterministic cumulative intensity (compensator).
Note that X is stationary, and therefore ΛH is a fixed positive constant.

ii) Since Y is stationary, we may consider Y on the real line R. Let Y is the right-
continuous time-reversal of Y . Then Y is a stationary RGSMP. Define a point process
NH on R by

NH(C) =
∫

C
1H(Y (u), Y (u−))N(du), C ∈ B(R),

where B(R) is the Borel σ-field on R. Then NH is the time-reversal of NH and its dual
Ft

Y -predictable projection N
p
H is given by

N
p
H(C) =

∫

C
ΛH(u)du, C ∈ B(R).

Thus, we obtain the conclusion by applying the results in i) to Y . This completes the
proof. 2

Now, we consider the quasi-reversibility of a queue. The evolution of a queue is
described by an RGSMP {Y (t)}. Its arrival process Ac and departure process Dc corre-
spond to certain transitions of {Y (t)} in the state space E, for each c ∈ C, where C is
the set of classes of customers. That is,

Ac(t) =
∑

0<s≤t

1Ac(Y (s−), Y (s)), Dc(t) =
∑

0<s≤t

1Dc(Y (s−), Y (s)),
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where Ac and Dc are disjoint subsets of {(y′, y) ∈ E × E | y′ 6= y}, for each c ∈ C.

Corollary 3.2. Suppose that the queue is stationary with the stationary distri-
bution π. Then the queue is quasi-reversible if and only if for all c ∈ C,

∫

E
1Ac(y′, y)

∑

s∈A(g′)

rsg′λs(g′)(y
′
s)Qs(y′, dy) = λc,

for all y′ = (g′, y′s; s ∈ A(g′)) ∈ E, and

1
π(dy)

∫

E
1Dc(y′, y)

∑

s∈A(g′)

rsg′Qs(y′, dy)λs(g′)(y
′
s)π(dy′) = µc,

for all y = (g, ys; s ∈ A(g)) ∈ E, where λc > 0 is independent of y′ ∈ E, and µc > 0
is independent of y ∈ E. In this case, the arrival processes are independent Poisson
processes with rates λc, c ∈ C and so are the departure processes with rates µc, c ∈ C.

Remark 3.3. Corollary 3.2 is a generalization of (3.1) and (3.2) in Walrand (1988)
(see pp. 90-91). It immediately follows from Theorem 3.1.

4. A symmetric queue with negative arrivals

In this section, we consider a queue within which customers are located in positions
1, 2, · · ·, n, where n is the total number of customers in the queue. Assume that:

(i) Regular customers arrive at the queue as independent Poisson processes with
rates λ+

c , for class c ∈ C (a given countable set). When a regular customer arrives, he
moves into position l, l = 1, 2, · · · , n+1, with probability δ(l, n+1); customers previously
in positions l, l + 1, · · ·, n move to positions l + 1, l + 2, · · ·, n + 1 respectively.

(ii) The required service time of a class c customer has a general distribution Hc(·).
(iii) The total service effort of the queue is independent of the state of the queue

and is supplied at rate 1.
(iv) A proportion δ(l, n) of the total service effort is distributed to the customer in

position l, l = 1, 2, · · · , n; with his departure, customers in positions l + 1, l + 2, · · ·, n

move into positions l, l + 1, · · ·, n− 1 respectively.
(v) In addition, as soon as a class c regular customer arrives at the queue and joins

some position, a negative arrival process in this position starts. The required time until
the negative arrival occurs has a general distribution Gc(·).

(vi) For negative arrival processes, the actual total rate of progress in all positions
is equal to 1 and independent of the state of the queue. A proportion δ(l, n) of the
actual total rate of progress is distributed to the negative arrival process in position l,
1 ≤ l ≤ n. A negative arrival in position l results in a service completion of the regular
customer and the end of the corresponding negative arrival process in this position. With
the departure of the regular customer, customers in positions l + 1, l + 2, · · ·, n move
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into positions l, l + 1, · · ·, n− 1 respectively.
(vii) All the regular customer arrival processes, the required times for negative

arrivals and the required service times are mutually independent.

These δ(l, n)’s satisfy
n∑

l=1

δ(l, n) = 1.

It is easy to know that the queue has the same stochastic behaviour as a modified
system without negative arrivals, where the required service time of a class c customer
is replaced by the minimum of the original required service time and a random variable
with general distribution Gc(·). Thus it can be described by an RGSMP {Y (t)}, whose
state is

y = (g, ys; s ∈ A(g)), (4.1)

or by a Markov process {Y (t)}, whose state is

y = (g, ys; s ∈ A(g)− {0}), (4.2)

where g = (c1, c2, · · · , cn) and A(g) = {0, 1, · · · , n}, when there are n customers in the
queue, the customer in position i is of class ci and the amount of service for the modified
system already performed in position i is yi, for 1 ≤ i ≤ n. The site 0 corresponds
to a regular customer arrival and y0 represents the time since the last regular customer
arrival. We denote the state spaces of the two processes by E and E respectively. Let
Fc(x) = 1−Gc(x)Hc(x) for all x ∈ R+ and µ∗c=̂(

∫∞
0 F c(x)dx)−1, c ∈ C.

Theorem 4.1. If
∑

c∈C λ+
c (µ∗c)−1 < 1, then the stationary distribution for the

queue described by the Markov process {Y (t)} is given by

π(y) = η(g)
n∏

i=1

µ∗ci

∫ yi

0
F ci(u)du. (4.3)

where η(g) is given by

η(g) = (1−
∑

c∈C

λ+
c

µ∗c
)

n∏

i=1

λ+
ci

µ∗ci

. (4.4)

The probability that there are n customers in the system is

(1−
∑

c∈C

λ+
c

µ∗c
)(

∑

c∈C

λ+
c

µ∗c
)n. (4.5)

Furthermore, the queue is quasi-reversible when the system is in equilibrium. In
this case, the departure processes of regular customers are independent Poisson processes
with respective rates λ+

c , for c ∈ C.

Proof. From (2.3), (2.4), (2.5) and (2.6), we easily verify that the stationary
distribution for the RGSMP {Y (t)} is

π(y) = η(g)(1− e−λ+
c0

y0)
n∏

i=1

µ∗ci

∫ yi

0
F ci(u)du. (4.2)
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where λ+
c0 =

∑
c∈C λ+

c and η(g) is given by (4.4). Letting y0 →∞, we obtain(4.3). (4.5)
comes from (4.4).

Now, we verify the quasi-reversibility of queue when the system is in equilibrium.
For all y′ = (g′, y′s; s ∈ A(g′)) ∈ E, where g′ = (c′1, c′2, · · · , c′n), A(g′) = {0, 1, · · · , n},

∫

E
1Ac(y′, y)

∑

s∈A(g′)

rsg′λs(g′)(y
′
s)Qs(y′, dy) =

n+1∑

l=1

δ(l, n + 1)λ+
c = λ+

c ,

and for all y ∈ E given by (4.1),

1
π(dy)

∫

E
1Dc(y′, y)

∑

s∈A(g′)

rsg′Qs(y′, dy)λs(g′)(y
′
s)π(dy′)

=
n+1∑
l=1

∫ ∞

0
λ+

c δ(l, n + 1)Fc(dy′l) = λ+
c ,

Thus, the conclusion comes from Corollary 3.2. 2

5. A multiple class generalized network

In this section, we consider a generalized network with J queues defined above. Let
C be the countable set of regular customer classes. We assume that regular customers
of different classes arrive at queue j from the outside of the network according to in-
dependent Poisson processes with rates Λ+

jc, c ∈ C respectively. When a regular class
c customer completes his service at queue j, he goes to queue k as a regular class c′

customer with probability pjc;kc′ and leaves the network as a regular class c customer
with probability pjc;0. These transition probabilities satisfy

∑

k,c′
pjc;kc′ + pjc;0 = 1, 1 ≤ j ≤ J, c ∈ C.

For each j = 1, 2, · · · , J , let nj be the total number of customers in the queue j.
Assume that queue j operates in the following manner:

i) When a regular customer arrives, he moves into position l, l = 1, 2, · · · , nj + 1,
with probability δj(l, nj + 1); customers previously in positions l, l + 1, · · ·, nj move to
positions l + 1, l + 2, · · ·, nj + 1 respectively.

(ii) The required service time of a class c customer at queue j has a general distri-
bution Hjc(·).

(iii) The total service effort at queue j is independent of the state of the queue and
is supplied at rate 1.

(iv) A proportion δj(l, nj) of the total service effort is distributed to the customer
in position l, l = 1, 2, · · · , nj ; with his departure, customers in positions l + 1, l + 2, · · ·,
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nj move into positions l, l + 1, · · ·, nj − 1 respectively.
(v) In addition, as soon as a class c regular customer arrives at queue j and joins

some position, a negative arrival process in this position starts. The required time until
the negative arrival occurs has a general distribution Gjc(·).

(vi) For negative arrival processes, the actual total rate of progress in all positions
is equal to 1 and independent of the state of the queue. A proportion δj(l, nj) of the
actual total rate of progress is distributed to the negative arrival process in position l,
1 ≤ l ≤ nj . A negative arrival in position l results in a service completion of the regular
customer and the end of corresponding negative arrival process in this position. This
regular customer will either leave the network, or go to another queue with probabilities
defined above. With the departure of the regular customer, customers in positions l + 1,
l + 2, · · ·, n move into positions l, l + 1, · · ·, n− 1 respectively.

(vii) All the regular customer arrival processes, the required times for negative ar-
rivals and the required service times are mutually independent.

These δj(l, nj)’s satisfy

nj∑

l=1

δj(l, nj) = 1, j = 1, 2, · · · , J

It is easy to know that the network can be described by a Markov process {Y (t)},
whose state is given by

y = (y1, y2, · · · , yJ), (5.1)

where yj denotes the state of queue j defined as (4.1):

yj = (gj , yjs; s ∈ A(gj)), (5.2)

or by a Markov process {Y (t)}, whose state is given by

y = (y1, y2, · · · , yJ), (5.3)

where yj denotes the state of queue j defined as (4.2):

yj = (gj , yjs; s ∈ A(gj)− {0}), (5.4)

where gj = (cj1, cj2, · · · , cjnj ) and A(gj) = {0, 1, · · · , nj}, when there are nj customers in
the queue j, for j = 1, 2, · · · , J . We denote the state space of the two Markov processes
by E and E respectively. The site 0 corresponds to a regular customer arrival and yj0

corresponds to the time since the last regular customer arrival at queue j.

Let λ+
jc be solution of the traffic equations:

λ+
jc = Λ+

jc +
J∑

i=1

∑

c′∈C

λ+
ic′pic′;jc, (5.5),
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for all c ∈ C and j = 1, 2, · · · , J . Let Fjc(x) = 1 − Gjc(x)Hjc(x) for all x ∈ R+

and µ∗jc = (
∫∞
0 F jc(x)dx)−1, c ∈ C, j = 1, 2, · · · , J . Let Djc be the traffic process

which represents the customers of class c exiting the network from queue j, for each
j = 1, 2, · · · , J , and c ∈ C. Then, we have following theorem:

Theorem 5.1. If
∑

c∈C

λ+
jc

µ∗jc
< 1, j = 1, 2, · · · , J, (5.6)

then the stationary distribution of the state process of the network described by the
Markov process {Y (t)} is given by

π(y) =
J∏

j=1

πj(yj), (5.7)

where πj(yj) is the stationary distribution for queue j:

πj(yj) = ηj(gj)
nj∏

i=1

µ∗jcji

∫ yji

0
F jcji(u)du, (5.8)

and ηj(gj) is given by

ηj(gj) = (1−
∑

c∈C

λ+
jc

µ∗jc
)

nj∏

i=1

λ+
jcji

µ∗jcji

, (5.9)

for j = 1, 2, · · · , J .
Furthermore, the network is quasi-reversible when the system is in equilibrium. In

this case, for each c ∈ C, traffic processes D1c, D2c,· · ·, DJc are independent Poisson
processes with rates λ+

1cp1c;0, λ+
2cp2c;0,· · ·, λ+

JcpJc;0 respectively, the past of them and the
present state of the network are independent for all time t.

Proof. By the definition of {Y (t)}, we know that {Y (t)} is an RGSMP. From (5.5),
(5.6), (2.3), (2.4), (2.5), and (2.6) we easily verify that the stationary distribution for the
state process of the network described by {Y (t)} is

π(y) =
J∏

j=1

πj(yj), (5.10)

where πj(yj) is the stationary distribution for queue j:

πj(yj) = ηj(gj)(1− e
−λ+

jcj0
yj0)

nj∏

i=1

µ∗jcji

∫ yji

0
F jcji(u)du, (5.11)

where λ+
jcj0

=
∑

c∈C λ+
jc and ηj(gj) is given by (5.9), for j = 1, 2, ·, J . Thus, we obtain

(5.7) and (5.8) with the similar argument used in Theorem 4.1.

Let y′ = (y′1, y′2, · · · , y′J), where y′j = (g′j , y
′
js; s ∈ A(g′j)), g′j = (c′j1, c

′
j2, · · · , c′jnj

), and
A(g′j) = {0, 1, · · · , n′j}, for j = 1, 2, · · · , J . We put g′=̂(g′1, g′2, · · · , g′J). Then for all y ∈ E,

11



we have

1
π(dy)

∫

E
1Djc

(y′, y)
∑

s∈A(g′)

rsg′Qs(y′, dy)λs(g′)(y
′
s)pjc;0π(dy′)

=
nj+1∑
l=1

∫ ∞

0
λ+

jcδj(l, nj + 1)pjc;0Fjc(dy′jl) = λ+
jcpjc;0,

where Djc denotes the set of traffic transitions which represent the class c customers
exiting the network from queue j, j = 1, 2, · · · , J . Thus, the conclusion comes from
Corollary 3.2. 2
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[1] F. Baccelli and P. Brémaud, Palm Probabilities and Stationary Queues, Lecture Notes
in Statistics 41 (Springer-Verlag, Berlin, 1987).
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