Data Mining for Direct Marketing by Baber Khairi

· One of the objectives of direct marketing is to bypass the middle channels and communicate directly with the end user. 

· In doing so Direct Marketers seek to grow customers by delivering tailored products and services that will create unbreakable, lifetime relationships 

· The mailing list is essentially a database that allows a marketer to customize offers to meet customers' individual needs and buying patterns. 

· This database allows the marketer to focus on the seasonality of  customers with preferences during the season, the off-season or preseason. 

· It enables the marketer to reach out to people with similar interests, and eliminate likely non-respondents from the database. 

· Once the data has been collected RFM analysis can be introduced. RFM stands for Recency, Frequency and the Monetary value of the customer interaction.

A Marketer looks for:

Recency: When did the customer most recently purchase?

Frequency: How often is the customer purchasing?

Monetary: What is the average or even total amount spent during each purchase times?

· The data has to be sorted & analyzed for effective use

· A database that has been corrected analyzed --- a process we will call “data mining” – can provide these kinds of answers:

i. R=Are the right customers being contacted?

ii. F=Are customers being contacted when & how they want to be contacted?

iii. M=Are customers getting the right value proposition?

· 80% of the information can usually be found in 20% of the data. Therefore the data has be sorted in a variety of ways

· The data provides the opportunity to gather, analyze and generate a wide range of information about customers.

· Tracking sales trends and buying patterns, enables businesses to gain greater insights into what customers want so that operations can be organized to ensure greater satisfaction

· To do this we must do data mining 

· Data Mining is the adaptation of machine learning techniques to business applications

· It is a process of analyzing detailed data to extract actionable, implicit and novel information to solve business problems

· It classifies customers according to their propensities to consume a product or service

· The role of datamining is to convert data into information and knowledge so that right decisions can be made

ADVANTAGES:
· Provide mechanisms to deploy knowledge   into operational systems such that right actions can occur.

· By “knowing” their customers’ RFM it allows companies to have many 1 to 1 relationships with many customers at once

DISADVANTAGES:
· It allows companies to capture & grow customer segments

· It leads companies to assume they have all the answers to marketing problems

· It doesn’t give definitive answers but only estimates of market positions
2 Sub-classes of Discovery
· Prediction:

Forecasting> Regression, Rule induction,    neural networks

· Description:

Data visualization, Clustering, Association (Affinity analysis)

USES:

· Target marketing
· Customer Retention

· Fraud detection
· Market basket analysis

· Customer segmentation

· Credit scoring
· Credit risk assessment

· Portfolio mgmt
· Cross/up-selling

· Customer profitability analysis

· Inventory control
· Price optimization
The Process of turning data into knowledge is:

Data -> Information -> Knowledge -> Action

· Stepwise the process goes thus:

1. Problem Definition

2. Data Pre-processing

3. Model Building & Analysis

4. Knowledge Deployment & Maintenance

PROCESS:

1. Problem Definition

· Define business problem

· Examine Data

· Define initial approach

· Scope project

2. Data Pre-processing

· Data access/sampling

· Data visualization

· Data manipulation

3. Model Building & Analysis

· Data manipulation

· Test model

· Interpret & evaluate

4. Knowledge Deployment & Maintenance

· Custom reports, External applications, external monitors/agents

EXAMPLE OF TARGET MARKETING

· It is the year 2006.

· Standard Chartered Bank (SCB) is introducing a new premium VISA based credit card – “The Diamond Card” – to re-market to its existing, irate 10 year old credit card customers.

Assumptions:

· 1. Some customers have gone to higher income levels

· 2. Some customers will pay a lot more for tailored premium services

· 3. LTVA analysis is likely to have identified this segment – Increased purchase rates will show validity of the assumptions made

· A Direct Marketing campaign uses the new Call Center and direct mail

· Objectives: Achieve a hit rate of 10% (vs. 5% to   9% or an average of 7%)

Fixed parameters:

· Average Product Life = 20months

· Average monthly product profit/ customer = Rs80

· Planned cost per customer contact: Rs100

Average revenue per hit:

· 10months x Rs80 = Rs1600

AVG Revenue per 10% hit rate:

· 10% x 1600 = Rs160 – Rs100 = Rs60

AVG Revenue per 7% hit rate:

· 7% x 1600 = Rs112 – Rs100 = Rs12

AVG Revenue per 6.2 hit rate:

· 6.2% x 1600 = Rs99.2 – Rs100 = (Rs0.8)

· At 6.2% SCB Diamond DMC loses money
· Average Profit margin: Rs160 – Rs100 = Rs60 so Rs60/160 = 37.5%

· Therefore Hit rate must be kept above 6.2%

· Sample size required for this example to be effective: 25,000 customers

DATA MINING can help inhere:

· 1. Analyzing data from similar campaigns to ID characteristics of customers responding favourably

· 2. Build a predictive model based on trial mailing of the Diamond Card to 25,000 customers

· 3. Identify customer segments based on personal, socio-econ data. Build predictive models for each segment identified.
KEY USES OF DATA MINING:

-CUSTOMER RETENTION
-FRAUD DETECTION
-AFFINITY ANALYSIS

CUSTOMER RETENTION

This is similar in some ways to Target Mktg. It involves building propensity models – i.e.: predictive models that indicate customer propensity. Customer Retention models are used to identify customers with propensities to switch to a competitor. They are then targeted based on their cost of defection
Customer Retention: Cost of defection is calculated as:

Lost profitability x estimated continuing longevity

Other aspects of Customer Retention:

· ID of key factors in retaining customers

· ID of activity patterns in winning back customers

· Determining characteristics of loyal customers
FRAUD DETECTION:

This remains a major concern for all businesses dealing with human beings on Planet Earth. Its’ main aspects are:

· i. Predictive models Identify customers propensity to defraud the companies

· ii. Analysis of characteristics of fraudulent claims & business dealing (esp. for Insurance & the reverse supply chain)
· iii. Clustering = Customers are grouped into segments by a cluster algorithm (known as a “KOHENEN Network”) based on similarities of multiple attributes Customers who do not fit the profiles are examined for possibilities of fraud.

AFFINITY ANALYSIS:

Models determine purchase affinities (i.e.: “Market Basket Analysis”). The Market Basket shows affinities such as Sugar with Tea; having children & paying school fees.

Affinity analysis is particularly useful when trying to decide which material to include in a direct mail or telemarketing campaign. Affinity analysis is used to identify customers

through profiling or by identifying combinations of products and/or services

Customers may be profiled thus:

· 20% of married customers aged 27 to 34 have 
· 3kids aged 2 to 7years of age

